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What is FACTS?

* A powerful platform to design, simulate, and
compare both fixed and adaptive clinical trials

* Accessed through an interactive graphical user
interface — does not require programming
knowledge to use

* Built on compiled low-level languages (Fortran
and C++) — very FAST!
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About FACTS

 FACTS has modules (“design engines”) to
simulate:

— Dose Escalation trials (phase 1 and phase 2a)
* dichotomous or ordinal endpoints

— Dose Finding trials
e continuous, dichotomous, time-to-event endpoints
* multiple endpoints (up to 4 continuous/dichotomous)

— Enrichment trials
e continuous, dichotomous, time-to-event endpoints
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Adaptive Designs

* Allow information that accumulates during the trial to modify key design
parameters according to pre-specified and well-defined rules

* Adaptable components may include:
— treatment arms (dose, frequency, duration, etc)
— allocation to the different arms
— the patient population
— the sample size

* By learning from the accruing data, a well-planned adaptive design may:
— improve efficiency and reduce cost
— maximize the information obtained
— minimize risk to subjects and sponsor
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The Adaptive Process

Evaluate
adaptive
decisions

Analyze
available
data

STOP
accrual

Accrue initial subjects
(“burn-in”)

_____________

* Data (complete, partial)
*  Dose-response model
* Longitudinal model
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Accrue more subjects according
to the adaptations
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Simulating Clinical Trials

“Scenarios”
¢ Accrual rate
Virtual Execution | « Dropout rate
Subjects Variables

~

Y

Result of
Accrue initial subjects il ol STOP 3
% S available adaptive || Simulated
(“burn-in") 3 accrual
data decisions | Trial

Data (complete, partial)
Dose-response model

Longitudinal model A _\_\_ = _ =
SUMMARIZE

Accrue more subjects according
to the adaptations

Operating
Characteristics
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Why Simulate Clinical Trials?

* Enables clear understanding of the design’s operating
characteristics

* Clarifies how design choices affect the behavior of the
trial

* Facilitates communication and provides justification of
the design for the study team, regulators, funders
DSMB, etc.

* Anincredible learning tool!
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F/.CTS

SIMULATING TRIALS IN FACTS
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Specifying Design Features

Adaptive vs. Fixed

Maximum Sample Size

Superiority vs. Non-inferiority

or Super-superiority by
defining a margin (CSD)

Visit Structure

etc...
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File Settings Help

Study | Virtual Subject Response | Execution | Design | Simulation | Analysis |

, N

Study Info | Treatment Ams

Design Options
@ Adaptive () Non-Adaptive
Use longitudinal modeling
[¥] Include simulation of baseline

Response is:

@ Change from baseline

*) Final endpoint value

Evaluation Variables
Effective dose quantile (ED):

Clinically significant difference (CSD):
© Absolute response
@ Response relative to control

[T] Phase Il criteria:

@ Superiority

Non-inferiority
250

0.025

Study Information

Recruit subjects @ Sequentially () In cohorts
Maximum number of subjects: 300
20
5
N
&N

Response:

@ Higher response is subject improvement
() Lower response is subject improvement

Trial type:
@ Superiority
@ Non-inferiority

Schedule of Post-Baseline Visits

@ Set Visits Explicitly
Week No. 13

) Auto-Generate Visits

1
1

€ Generate

3¢ Delete vist | | §8 Clear all visits

Index Visit

t) Name Week
1 Visit 1 3
2 Visit 2 6
3 Visit 3 9
4 Visit 4 12
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Virtual

Simulating “Virtual Subjects” et

e Built-in facilities for simulating:
— Patient responses [ — —

| [Study | Vitual Subject Response | Execuion | Design | Smulation | Analyss|
* baseline, final response, | w”"ﬁ
:Osod\ N Index Dos Dose Level Ea‘:e’}ﬂifm"‘ & '
D ch:::: 6:: h::el:::per dose | Cortrol 0 o]
e either simulated internally or T : :
sampled from an external T g
file R —— —
— Patient accrual .
— Patient dropouts ] g
o o | |
e Keeps track of how much data Il
would be available at each -

interim analysis
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Virtual

Simulating Accrual and Dropout <

-
/. FACTS™ v4.0.0 Dose Finding - Continuous
 —

File  Settings Help

Virtual Suhiect Response] Execution lDesign ] Simulation ] Analysis|

Create multiple

scenarios for sl T I
ete ‘-J.} Add x Remove \' Import Regions 5 Export Regions
accr ual an d Profiles / Peak Accrual Start Accrual Ramp Up — Start Ramp Ramp Down
N / Region Nam\ 'I;(::t‘alv(z:ko)ple Date (Week) ﬁmp Up \ C(v?,r;'nep‘lste ﬁmp Down Down (Week) C(v?,zep‘lge
Region 1 6 [
Region 2 | ] \ =]
Region 3 @] \ @]
N,
Enable different p
enrollment profiles - - > - ;

\
\

by region

/—
Ramp up and ramp /

N\
x
o
|

Accrual profile
— Total accrual rate
1

iR

down options allow i 3

differential accrual 4
over time 0 / . . i .
0 : o s » %

\Week of plan
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Analysis
Models

Dose-Response Models

- —
/. FACTS™ v4.0.0 Dose Finding - Continuous

File Settings Help
° °
M u I np I e opnons fo r [ Study I Virtual Subject Response I Execution | Design ‘ Simulation l Analysis|
. Dose Response | Longituding ll Wﬁ". Qerims ] Stopping Criteria I Final Evaluation Criteria | Frequentist Analysis‘
mOdeI'ng the dose— \ m Equations for Selected Model Type
N Simple NDLM \ Y ~ N (8,02 Prior Distribution of a3
response curve et o 006
P 3-Parameter Logistic Oy ~ a; + ———4
arem g Hierarchical Loiistic ¢ ! V;‘ + Ug‘
U-shaped Model . 9 X . 0.0484
Param 2, (=3) Plateau Model a; ~ N (A, ,\:) fori = {1,2}
S Independent Dose Model N* (A A2) for i — 1
Param 3 (=4): egacy 2nd Order NDLM /| a; ~ Nt (A, A7) for i = {3.4} .
o2 g 0.036
2 ) Tn pn -
o ~ 1G (T 5 ) z
B
Set Additional Comparator Priors ——————— bre—b/z S 0.024-
. . ; ; IG (z|a,b) = ——— T
HlerarChlcal Priormean pac Prior SD Tac \ 91T (a)
Comparator: 0 100
borrowing of Baior: e~ N (1ac. ic) 00124
H H Error Parameters
istorical contro S - 0 S
In 0 9 18 27 36 45
data wigm (A 1 -
Graph Type: _3 v
Handling of Miss™wQata Due to Dropouts MR T S e
@ Bayesian multiple imputseg from post baseline ) Fxed Pior @ Historical Prior
() Baseline observation carmied foi (BOCF) ' X ) .
P Prior SD Add St Delete St
() Last observation camied forward (LOC! formean o rer=be [{P y ] {a e Sudy ]
| J Mu): 1 10 Name Num subj Response SD of response
[7] Use Baseline Adjusted Model 7‘ H Prior mean Pror mean Study 1 1 05 10
et 0 o R > C—
= L Tau? (t2): 1 05
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Analysis

Longitudinal Models Models

/. FACTS™ v4.0.0 Dose Finding - Continuous

File Settings Help

[ Study [ Virtual Subject Response ] Execution ] Design lSimuIation ] Anaiysis‘

Dose Respongﬁ"'Q’ftUC“ﬁal lm Interims ] Stopping Criteria l Final Evaluation Criteria l Frequentist Analysis
N\

Mode!: A Linear regression Model Priors
. ] : Lasi .obs;e.rv;;a ‘cam‘ed forward o prior mean (a,): 0 Prior lambda mean 05
@\ Sir Time course hierarchical o . . .
Koo dersy | T ™ - Multiple options to impute the final
VNG| comparator separately B prormean @) 075 ' — endpoint for subjects with incomplete
Model ¢ and comparato rately B prior SD (B): 1

data at an interim

() Model all amns separately

Model Priors
@ Same priors across all visits

Prior Distribution of Alpha

i 0.04
() Specify priors per visit
Specify priors per model %‘ 0.032
instance and visit é 0.024
e
2 0016
=]
Eguations &9 0.008
Yilye ~N (“r + B \(z) 0
a ~ N (ay,a?) 40 -24 -8 8 24 40
B~ N (B 55) Hete
. O WP ) o .
A ~IG| 5 f Enable Special Longitudinal Options )
G (za.b) = 27 Create a dichotomous endpoint from s © Endpoint is dichotomized continuous-valued response
0 xe+IT (a)

_ continuous based on a threshold cate :
(Thise egu[ailons aps)ly separately to greater U
each model instance

@ Use restricted Markov model

-7 Subject in stable state at final visit counted as:

() Response @ Failure

Absorbing Markov Chain Model (dichotomous endpoints) /
Subject can be “failure”, “stable”, or “response” at interim

visits, with failure or response being absorbing states
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Analysis

Time-to-Event (TTE) Models G

Piecewise-exponential
or
Cox proportional hazard

v— -—" amn BEES
File  Settings Help

’ Sertual Subj?REsp‘Lns ecution ‘ Design ’ Simulation I Anarysis‘

#Hazard Model IDose Response \Allocation ] Interims ] Stopping Criteria ] Final Evaluation Criteria l Frequentist Analysis}

P —
/. FACTS™ v4.0.0 Dose Finding - Time to V(
— .

N

Hazard Model

\<ed Priors For Control Arm

7 g:;ozi:rﬁt?;ri;idel N~ PE(A ... Ak,e1. . 1) Prior Distribution of Segment Lambda
n, -
Use Cox proportional ¥ ~ Gamma (Hs. —) 300
\ hazard model Hs
N\ ) . ) — 2401
Index Segment prior mean () prior weight (n) %'
N———— 1 0-1 0.0035 1 5 180-
Segment Breakpoint: =
2 1-2 0.0133 1 £
=]
120-
: 3 (2= 0.005 1 4 2
Index Segment = 60 -
-
0 T . -
2 |1-2 0 0.005 0.01 0.015
3 2-= Segment Lambda
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Analysis

Early Predictors for TTE Models

Allows incorporation of an early predictor (continuous, S | Vsl Siiect Response | Exceution | Desion [Tests |5

Predictor Mode! | Hazard Model I Dose Response ] Allocation ] Stc

dichotomous, or time-to-event) [ Dose Response | Relationshipto Endpoit |

¢ Priors for Lambda

) ) .. Index  Dose Ef“‘di)mea” ir:;m n)
* e.g. Progression-free survival (PFS) predicting overall |

survival (OS)

1 Control 1 1
Dose 1 1 1

2
Dose 2 1 1
3|

* Predictor may be used to impute final endpoint values for
incomplete subjects at an interim

e Can adaptively stop accrual based on predictor information

Priors for Beta

[¥] Include Predictor

Mean (m) SD (s)
Predictor endpoint type: Priors for B: 0 1
@ Continuous
Dichotomous - Equations
Time to evert T ~ exp(Aqexp(Z£3))
Response
@ Hi i ject i ) Ng
Higher response is subject improvement Ag ~ Gamma (”d' _)
Lower response is subject improvement Ha

7 ~ N (m,s%)

Time when predictor is observed (wks): 4

Predictor CSD (delta): 0

Berry Consunants = Primary endpoint is censoring for F// C T S
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Analysis
Models

Utility Functions: Multiple Endpoint

Component Utility Function
1.2

02 Specify utility (weight)
06 functions for each endpoint

0.4+

Utility

0.2+

Component Uity Function Combine utilities either
7 additively or multiplicatively

e
0.8
0.6

0.4+

Utility

- Component Utility Combination Method

° - ' _' j ' Add Utilties

Ufc. y) = Ufx) + Ufy)
@ Multiply Utilties
Adaptations and evaluation criteria are Uk, y) = Ug) Ufy)
based on the estimated utility
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Timing/Frequency of Interims

Specify frequency based on number of
subjects enrolled, number of events

(TTE), or by time, e.g. every 2 weeks

Options for discontinuing follow-up after
early stopping

Interims conducted during and possibly
after full accrual

Berry Consultants
%/ Statistical Innovation
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File  Settings Help

| Study | Vitual Subject Response | Execution | Design | Simulation | Analysis

| Dose Response | Longitudinal | Allocation | Intefims | Stopping Ciiteria | Final Evalui

- Interim analysis frequency

T @ Interims every 2 weeks

N\ Interims start at subject ‘50 ’

() Specify interims by subjects accrued

’x Delete interim Hx Clear all interims

Interim value: ’ 10 ’ Interims

o Add |

Autogenerate
Number ’4 ’
Start 10 |
SDE!E:II'\Q ’10 ’

N\ = |

\ ¢ Generate

Post Accrual Actions

i

Continue followup if study stopped for success
Continue followup if study stopped for futility

Discontinue interim analysis beyond full accrual




Adaptations

Response adaptive randomization

File  Settings Help

[ Study | Vitual Subject Response | y
l Dose Response I Longitudin: ation |Imetims I Stopping Criteria I Final Evaluation Criteria Kequemsl/halys:sl
) - Adaptive Allocation Targets
@ Adaptive - ) ~ Fixed ~ Legacy .
® Allocation Am Dropping Allocation — Adaptation Rel_atlve Weight for:
weight
. Fix ost Bum-in Alloc. - Maximum Response: 1 @ Probabiity ) Information
Index Dose Bum-in Aloc. —
9 Control 5 Effective Dose Quantile: 0 @ Probability Information
- e ~ | i
2 Dose 1 5 Minimum Effective Dose: 0 @ Probabilty Information Forced am selection
3 Dose 2 5 ﬂ Interim for forced am selection ‘ 1 ‘
4 Dose 3 5 / (1=end of bumin (—
5 Dose 4 5 ise allocation to power (y): 1 Number of treatment a eta ‘1
[ Dose § 5 [ Information:
If control allocation is not fixed Wyvill seek to match that to best dose am. ) )17 ) ISR /2
Check documentation for details. Vi = [1 )] Vi = [1 r(d=d)V (Bd)]
_ Ng 4
Block size: |10 / Retain arms with highest Pr(EDx)

Allocation probability set to zero for values ledthan:  0.05 Pr{MED)
. [ * :
Arm dropping (with option for PY(S Phiase Il

forced arm selection) P, > 8y

Pr{P+-Po > CSD)

R (
Slots in block that will be alloca®dadaptively: |10 | \/ ® PriMad
et @) L
(
(

Flexible specification of burn-in period and post-burn-in bIockiﬁg
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Early Stopping Rules

File Settings Help
| [ Study | Virtual Subject Response | Execution [ Design |Simulation | Analysis‘
| Dose Response | Longitudinal | Allocation | Interims | Stopping Criteria | Final Evaluation Criteria | Frequentist Analysis |

Highly customizable early
Stopping for success an d/or Enable Futilty Stopping Criteria ¢ [¥] Enable Success Stopping Criteria

Minimum Information Required (all must be met) Minimum Information Reguired (all must be met)

ofe Minimum subjects before study can stop for futility: 20 Minimum subjects before study can stop for success: 100
f u nl ’ ty Minimum subjects on EDx 0 Minimum subjects on EDx 0
Minimum subjects on Max 0 Minimum subjects on MED 0
/ Only one enabled criterion must be met for study to stop Minimum subjects on Max £
Pr(S Pl ) fordose de
F(SHemcl) it or dose d epx All enabled criteria must be met for study to stop
Pr (S Phase Ill) 0.15 for dose d g,
o o o [l max [T] Pr(EDx) >107 for dose d gpx
Minimum requirements for SEONY <[00 Jordose den i e
/ max
H Pr{84>8g) < 005 fordose dpay Pr(MED N
number of subjects enrolled or _ B P (WeD) > (07 Jordose d
[ Pr(85 -8 >CSD) <[05  |fordose depy Pr (S Phase Ill) 09 or dose dgp
' 2 - HEsE Y EDx

complete (or number of events s8> CSD) < (o o0 e Pr(S Phase ) 05 Jfordose d e

Pr(84>8ac) 0.1 for dose d gpy F P

) B4 > 8g) > |09 for dose d gpy
for ’ ’ E) PriB > 8ac) 0.1 for dose d gmay P> 00 > (0575 fordose d g,
¢ Evaluation variables [C] Prip4 -8 >CSD) > |09 for dose d zpy
' Effective dose quantile: 09 [T] Pri85-8,>CSD) > 09 for dose d may

Clinically significant difference (CSD): 0 B > 8a0) .
ope . o Phase Il criteria M9a>Oac 0.8  |fordose dgpy
Ability to combine multiple rules \ PrB> 60 8 Jordose

¢ Minimum subjects

@ Intems of enroliment @) Intems of completers

Berry Consultants F/.CTS

;Q/ Statistical Innovation



AIPF/Enrichment Designs

* Adaptive Indication and Population Finder
* Given a set of populations, where is the treatment effective?

e Option of hierarchical borrowing of information across groups
to make better decisions (borrows most when appropriate,
less when not).

* Dropping of groups for futility or graduating for success

 Much current interest in this design within oncology
— part (not all) of I-SPY 2

Berry Consultants F/.CTS
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AIPF Virtual Subjects

7. FACTS™ v4.0.0 Indicati

File

Settings

Help

| Study | Vitual Subject Response | Execution | Design | Simulation | Analysis |

= ¢ Group accrual
Bxplicitly Defined | Extemal Files | ® Beot e —
Group Response Index Group group Start week
: 3mp up Ramp up proportion
- Endpoint Values 1 Group 1 02 0
[Q Add ] [“ Delete ] Ind G Control Response Treatment 2 Group 2 03 0
L= ALy Rate Response Rate 3 Group 3 01 0
Profiles 1 Group 1 02 02 4 |Group4 0.1 0
Nuil 2 Group 2 0.25 05 5 |Growp5 0 0
i 3 Group 3 0.15 0.15
— 4 Group 4 02 05
Nugget
5 Group 5 0.1 0.25
g L
Accrual profile Group Accrual
5 —— Total accrual rate 250, I Group 4
—— Selected accrual rate Group 3
=== Full accrual I Group 1
4 2001 I Group 5
- - o I Group 2
Simulate subject responses _ F
g 3 E 1
and accrual/dropout 5
A = 100
according to group 27 . 3
: 50
membership 1 5
| 0
0 . o : 0 15 30 45 60 75
0 15 30 4 60 75 Week of plan
\Week of plan Cumulative subjects stacked by group

Berry Consultants
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AIPF Statistical Models

Separate model for each group OR Hierarchical model across groups

* Estimate of treatment effect borrows
information from other groups

* Compromise between separate models and
pooled analysis

/. FACTS™ v4.0.0 Indicaﬁ*-nlpopulation F—inding - [_)ic _—_—— o3| %

File Settings Help

| Study | Vitual Subject Respckse | Exgpefon | Desion | Simulation | Analysis |
| Control Model | Treatment Mw [_nngitudinal Allocation | Interims I Stopping Criteria ] Final Evaluation Criteria ] Frequentist Analysis‘

Priors for Treatment Fquations
(© Groups modeled separately 7, = Pr (Response|treatment, g) Prior Distribution of Mu
@ Hierarchical model across groups e(@a+79) 0.4+
T 1= ellatra)
Hierarchical Priors 1+ elats
- 2
Prior mean (ug): Prior SD (og): g ~ N (Il- 7') 0.324
Mu () 0 1 uw~N (;10.03)
P =)
2 2
Tau mean (1) Tau weight (t,,) 210G (i Ty m) % 0.244
Ta@d 1 1 202 >
Note: These pameters specfiedinlog odds pae—bix e
, . G(z|a,b) = ——— 5 0716
Across Group Priors J‘“*lr ((I ) o
Prior mean (uag):  Prior SD (1250):
Bag 0 1 , 0.08+
Note: These parameters specffied in log odds m = Pr(Response|treatment) :
elfac+g)
TIETOIG O eSO Dol Do UToPois —
5 i L ) " 1 + el@ac+g) 0
@ Bayesian multiple imputation from post baseline ¥
—_— ) ; . . 4 2.4 0.8 08 24 4
| () Missing data considered failure fac ~ N (/l.-\(;- ,—i(‘)
() Last observation camied forward (LOCF) ’ Mu Mu v

Stratified analysis — common treatment effect, but control rate

may differ among groups F/.CTS
- / — 1 —_—
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Dose Escalation

Allocation and Toxicities

* Continual Reassessment Methods (CRM) | R
with 1- and 2-parameter models for the

dose-toxicity curve o | feeeet  edeces

Dose

e Options for overdose control

* Joint modeling of toxicity and efficacy

Proportion Dose was Selected as MTD

2 and Predicted Mean Proportion of Toxicities (with 2.5%-97_5% Interquantile Range)
14 icity
e Escalation in two related populations S 1 B i
Susie 0.8 0.8
* Dichotomous or ordinal endpoint
£ 06 L06 <
Z§ g
e Flexible rules for controlling escalation 5 ou o ¢
e Simulation of traditional 3+3 design for "] o
comparison
T3 3 1 ¢t & 3 °
Dose

Berry Consultants F/.CTS
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Extensive Output

Files

The responses for each
! simulated subject in a trial

FXCE!

The data and results at
;. each interim of each trial

H
1 7 :
) :21:0,2.9~ .y A e osoft Excel
: ) 04 2 . b
: ; ’ o e L _— —m=» The final data and results
L — t:AC = 1 Revie’ - itudinal -
e s 16l pa2DFCT L g x fomies oo - utl Logistic_LonB™S ) Il si | d trial
7 6 1261 sweek No.sU Al . page Layout ontAccrual 1_Dropott == I Ofa simulated trials
8 ; 1281, 6 - Wome It % #2.4.2:DF-C L —
E 13.92 6 i h A
8 4 A1
10 15.48 7
9 5 1 A 0
v 10 16.4% 6 2 1 42-DF.COntAccruaI1 Dr
12 1 17.21 7 11 . 1 ﬂZin'-‘- # o Subj EDX
5 #51
12 12 18.1 3 3 ; 1 120
15 3 1958 i 2 122
10 3 ! 1
= 5 Do Average of the
6 120 1
12 5 1 .
1 7 T I S final data and
8 120 3
14 7 1
- s . m Iy results across all
1 i 120 L6 trials
12 1 120 . 7
13 120 8
12
14 - 120 9
15 10
1
12 ,
Berry Consultants 1 F/.CTS
14 - - — 3 B
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Built-in Graphics

Graphs
Allocation Box and Whisker plot Response and Ed(90) Selection (120 subjects)

Response and Subject Allocation
Sesponse ang léA[a)z( ;Sglelction Recruitment:"Accrual 17 Dr?:po;_t'D(r:opomT R&sgons;a:'Logis{i(t):(‘)é.%ngituding[; Iéongitudinal 1"Design:"Dose
esponse an election inding Continuous™ Simulations: ‘ersion: 2.4. e o
Response and MED Selection A”OWS qUICk reV’eW Of
3““.*’“"!” of EDk) 80 -1 Ed(90) Probability
stribution of Max — True Response H I ﬁ {
Dson o MED © Homn Row Response simuiation summaries
Probability Dose is Max 604 — Mean F'“aed Response
Probability Dose is MED L08 -~ Fitted 85% CI
Probability Dose Compared to Control
Probability Dose Compared to CSD
Max Response Scatter plot 404
EDi{x) Response Scatter plot
MED Response Scatter plot
Probability of Achieving Futility Stoppin
Time Course for Futility Stopping
Simulation Response and Subject Alloc
Simulation Response and Pr(Max)
Simulation Response and Pr{ED{x))
Simulation Response and Pr{MED) 04
Update Response and Subject Allocat
Update Response and Pr(Max]

0.6

204

Response
Aqeqoiq

Posterior Probabilities of Being Ed(90)

04 Recruitment."Accrual 17 Dropout:"Dropout 1" Response:”Logistic” Longitudinal:"Longitudinal 1" Design:"Dose

Finding Continuous™ Simulations: 1000 Version: 2.4.2

14
Update Response and Pr(MED) 204 -0.2
Update Response and Pr{Alloc)

-40 08+

Contrel—
Dose 14
Dose 24
Dose 34
Dose 44
Dose 54
Dose 6
Dose 74
Dose 84
Dose 94
Dose 104

o
=3
1

-
.

Simulation: |37 =
Dose
Update: 6 =

Probability
ewoon o

Berry Conslicnts

g
~
(==}
>
1
I |

0.2 0

Walk through each interim of a - = s
o o ° Control Dose 2 Dose 4 Dose 6 Dose 8 Dose 10
single simulated trial Dosei  Dosed DS Dos?  Doses

Berry Consultants F/.CTS
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Support for post-processing results

Simulations completed:  0/0

J |

Ppn Eady Ppn Suc->Fut Ppn Fut->Suc Ppn
Futility Flip Flop Flip Flop

0394
0422

0398

0332

0328

032

0.178
P4
0152 J

»
(‘3 Openin R... I‘@ Aggregate.... :E\ﬁewGlaph

VAN V4

o oo oo oo oo oo o oo
o oo oo oo o oo oo oo

vv(\

‘b)TesseIIa

Berry Consultants
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Aggregate results from selected scenarios

Open in R (individual scenario or aggregated results
loaded into data frames) for additional post-processing
and customization of output

/2 Open in R - Accrual 1_Dropout 1.HR-0.70_Better S A= e

[] Remove file prefixes

Selected files will be loaded as data frames:

F/.CTS




Analysis Tab

Analysis tab to run
hypothetical
interim analyses
within FACTS GUI

Berry Consultants
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7 —~— =
/2 JSM - FACTS™ v4.0.0 Dose Finding - Continuous

File Settings Help

Use Design to Analyze Data

Number of subjects: 20

Reload Data

File Fomat

(R |/
N

Trial subject data file:

| Study | Virtual Subject Response | Execution | Design | Simulatkyn | Ana

(o)
N’

\Documents\FACTS\JSM_results\patients dat

Check execution mode documentation for details on cmd parameters and analysis output.

Additional cmd parameters: [

Analysis output:
Accrual stopped for Max. Hsubjects, or this is the final analysis : No

Interim Success/Failure: None

Observed Response
Response and Subject Allocation
Response and Probability

Response and Subject Allocation

80+ 25 Allocation
Mezn raw response with 5%
@ ¢
—— Fitted response
=== Fitted 95% CI
60+ -2
Set Y axes...
0 s E
Space doses evenly 2 g
2 s
w
2 £
20 k18
@
A
0 } ~0.5
A
'20 T T T T T T T T T T O
Control Dose 2 Dose 4 Dos= 6 Dose 8
Dose 1 Dos= 3 Dosa 5 Dose 7 Dos= 9
Dose




Benefits of FACTS

* FACTS changes the economics of simulating clinical
trials

— Not an expensive, time-consuming exercise only
undertaken by specialized statistical programmers

— Not limited only to complicated trials
— Incredibly fast simulations, keeping projects on schedule

 FACTS makes simulation-based trial design possible
for all biostatisticians and all clinical trials!
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